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Amacg ve Kapsam

Sonuclar

Uygulama ve Tasarim

Projenin amaci, yazi ile iletisimde Asagida verilen hyperparametrelerle farkli modeller olusturulup test edilmistir. En basarili modelimizi Uygulama kodu Python’da Google
aktariimak istenen duygunun tespit kullanarak test verisinde asagidaki sekilde sonuclar alinmigtir. Literaturdeki sonuclara gore test verilerinde iyi Colaboratory’'de  yazilmistir.  En
edilmesidir. sonuclar gozlemlenmistir. sade haliyle model tasarimimiz
Bu amac icin Paul Ekman’in 1992 Lrlist - [0.001, 0.003, 0,005] . - asagida goruldugu gibidir. Ekstra
yillinda kategorize ettigi 6 farkl halist - [70, 128, 296, 300, 512, 763, 1024] olarak batchnorm katmani, dropout
duygu (happiness, sadness, anger, balist - [True, False] i eklenebilir. En son h, giktilari fully
disgust, surprise, fear) temel alinr. oot = [0, 5.9 6504 o6 o7 o8 60 connected bir layer'a girer ve 6
number_of_epochs = 1000 o.25| T7 Sarty Stepping checkpeint | | : L
Proje kapsamindaki ana konular ve corly. stopping patience = 1s i S— — l:i?gf”den birine atanir.
temel yéntemler: pr—— —
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. . . . recision recall recisi recall fl-score suppor t Tl N T
[ ] WO rd zve C precision recall fl-score su pport precision recall fl-score support > = & B 2 B & BT &
happiness 0.968 0.986 0.976 428,800 happiness 0.884 0,908 0.892 107.200 0.99 1.00 . nnines 0.91 0.92 107
sadness ©.924 ©.930  0.926 138.400 sadness 0.746 ©.722  0.734 34.600 0.97 .99 . - 0.77 35 A A 4 A
anger ©.846 ©.922  0.878 143.200 anger 0.632 ©.700  0.658 35.800 0.99 0.99 . anger 0.81 8.72 -
° disgust 0.946 ©.832 0.882 137.600 disgust 0.752 0.620 0.676 34.400 1.6 0.98 . isgus 0.71 0.75 35 Glove Ve[:’[[t]}r for Word GloVe Vect:}rforWord GloVe Vect;r for Word GloVe ‘I.fecttorforWord
O u I n I an I rl I la surprise 0.876 0.834 0.842 92.000 surprise 0.558 ©0.522 0.524 23.000 0.98 0.98 c surpris 0.70 0.67 23
fear 0.932 ©.892 0.910 92.000 fear 0.684 0.696 0.686 23.000 1.00 1.00 . ar 0.70 0.70 23

0.99 0.99 . icro av 0.80 0.80 259
0.99 0.99 . g 0.76 0.75 259
0.99 0.99 . 0.80 0.81 259

0.928 0.928 0.928 1632.000 micro avg 0.760 0.760 0.760 258.000
0.914 0.900 0.904 16032.,000 macro avg 0.708 0.694 0.696 258.000
0.930 0.928 0.928 16032.000 weighted avg 0.766 ©0.760 0.756 258.000

Hedefler

Gelecek calismalarda, tum veri
setleri uzerinde egitim yapilmasi ile
daha iyl sonuclar elde etmek, veri
temizligi icin otomasyon bir sistem

Ingilizce metinleri 6 farkli duygu
kategorisine gore  siniflandiran

LSTM temelli bir derin ogrenme Y oy
modeli olusturulmasidir. “T o CT o
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En iyi sonucun kategoriler icin detayli gésterimi En iyi model sonucu uretmek (stop wordlerin kaldiriimasi
gibi), girdiler icin, POS tagger gibi
diger Dogal Dil Isleme araclarini
kullanip, bu taglerin de egitimde
modele verilmesi ile daha duzenli

Analiz Sonuclarin Literaturdeki Diger Calismalarla Karsilastiriimasi

Egitim icin iki farkh veri seti Arora’nin ISEAR veri setinde test sonuclari ile bizim Algorithm Average F-score ve tutarli bir sistem olusturulabilir.
kullaniimistir. Aman veri setindeki test sonuclarimiz: Agrawal's Wikipedia 0.430
Aman'in  veri  setinde = 536  Arora’'nin en iyi LSTM modeli: 0.64 accuracy Agrawal's Gutenberg 0400 Kayn akga
happiness, 173 sadness, 179 e Bizim en iyi LSTM modelimiz: 0.75 accuracy Aoranals Wikweden e
anger, 172 disgust, 115 surprise ve 10,008+ idaen256+yL+dp. 10.0rclp. 007) 0446

. . . . S Aman & S. Szpakowicz, 2007, Identifying Expressions pf Emotion
1 1 5 fear CumleS| OI mak uzere Algorithm Happiness  Sadness II;_nger- Fear Surprise Neutral ISEAR Dataset'inde ortalama F-score degerleri in Text, V. Matousek, P. Mautner (eds.): Proc 10th International Conf.

- Isgust on Text, Speech and Dialogue TSD 2007, Plzefi, Czech Republic,
t0p|am 1 290 Cu mle va rd Ir. Accuracy Algorithm Average F-score Lecture Notes in Computer Science 4629, Springer, 196-205.

: . : o | | - S. Aman, 2007, Recognizing Emotions in Text, M fC
Ek Olarak TWltter verli Setlnden 93 Majority class baseline %31 (Happiness) s supeniced ML with iigrame o Scieanaerj Universit;((:)?gontl’g\?v%_ motions in Text, Master of Computer

Keyword baseline %45 * J.Yang, J. Leskovec, 2011, Patterns of Temporal Variation in Online
174 Media, ACM International Conference on Web Search and Data

anger, 13 disgust, 44 fear,

Alm’s unsupervised lextag method %54-55 Aman’s supervised ML with unigrams, Roget's Thesaurus and WordNet-Affect features 0.586 Mining (WSDM '11)
sadness ve 49 surprise cumlesi Agrawal's method (Without context ; - - Ebba Cecilia Ovesdotter Alm, 2008, Affect in text and speech, PhD
A " %56.31 Wikipedia 0.535 . . . . . .
. . . T (Wikipedia)) Dissertation, Urbana, IL: University of lllinois at Urbana-Champaign.
b|Z|| N ta raf“ | ||Zdan f||tre|en|p ku QUK Agrawal’s method (With context Agrawal’s method with Gutenberg 0.546 * Ameeta Agrawal, 2011, Unsupervised emotion detection from text
0, context ' H H . .
. . . (Wikipedia)) 57.25% using semantic and syntactic relations, 2012 |IEEE/WIC/ACM
b|r verl Set| O|U$’[U rU|I | IU§tU I. Wiki-Guten 0.516 International Conferences on Web Intelligence and Intelligent Agent
Best gmifsﬁgggiﬁ%% (c)):f’>+h'dd 256 5979, . ol (second fod of 65 5+h16+61000 Technology, pages 346-353. IEEE Computer Society, December.
es n e ru. | en o o0 est model (second fold of es_n5+ +e ° H H : H
+ly1+dp_h0.0+dp_00.7) +Ir0.003+hidden256+ly1+dp_h0.0+dp_00.7) 0.696 :rr%gya Arora et al., 2017, Emgltjl(r)anl Analysis using Word Em’\tl):tca\;jolrr\i?
Alm fairy tale dataset sonuglari Aman Dataset'inde ortalama F-score dederleri (modelimizdeki test verilerinde) https://github.com/Harsh24893/EmotionRecognition/blob/master/rep

ort/main.pdf



